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such a weight exhibit many limitations, including the need to move a
patient to weigh, which may worsen the symptoms of a

patient. Weighing bed, which yields high accuracy, is nevertheless very

. expensive, making the treatment cost higher. Prediction of the weight
Keywords : Kinect / Neural ) o
. from the patient size is also normally not accurate. The present
Network / Image Processing

research therefore proposed a method for predicting the weight of a

bedridden patient by Kinect, with image enhancement using median
filter and artificial neural network. One hundred weight data of normal
people, which were used instead of those belonging to real patients,
were divided into 3 groups for training, testing, and validation at 709%,
15%, and 15%, respectively. Eighteen neural network architectures
were designed. The results showed that the suitable artificial neural
network that could be used to predict the body weight consisted of
3 nodes in the hidden layers; Lavenberg-Maqurdt algorithm should be
used as the training function, while tan-sigmoid transfer function should
be used as the activation function; R and RMSE values were noted to
be 0.93393 and 5.92, respectively.
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Model Topology Activation Training Function Correlation RMSE
Function coefficient
(Training)

1 1-3-1 purelin traingd 0.89168 14.14
2 1-3-1 purelin traingdm 0.92769 14.56
3 1-3-1 purelin trainlm 0.92998 5.94
4 1-3-1 logsig traingd 0.83596 8.82
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17 1-5-1 tansig traingdm 0.87885 12.32
18 1-5-1 tansig trainlm 0.93344 5.7
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Weight = 0.000006Voume + 6.05 (13)
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Predictor Coef Se Coef T P
Constant 1 19479 19479.0 | 542.59
Volume 98 3518 35.9

S =599165 R-Sq=84.70% R-Sq(adj) = 84.55%

4. #@yduazanusena

el fiiaueiZnisneansaibniinguae
Anissrinulawalagldnszuiunisusulsanineed
nsoawuudsegusuiulasaieUssamiiion tagla
sonuuuannenssuvestassnedsyamiiont g
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RMSE 11U 0.93393 Wag 5.92 auadu tnedidnuau
Thsoulutudeuiniu 3 MEnsinaeulasetefivny
aufe 35 Levenberg-Marquardt algorithm #landunszau
fia tan-sigmoid transfer function waziilailiauiiou
auduuSsTrahminaSwartmdniineansalae
Foyaramun Tagli35laseeUszamidionuazisns
OA0OELTNLAY 3IAN R WINAU 0.92475 ez 0.92033 AMaIRU
sihAElaseeUsvaiitenanansanetnsalnimdn
Ifusludnininsanneedady egrlsfinu dnjmdn
lgannswensaidensdianfionann faflunuidely
BUIARAMEEITERTUIAMIINTEUIUNT meta heuristic
unUszgndlddmsunmsiinasulasaineyszamidioy e
a@m”]ﬁmwmm’tumwmﬂizﬁﬁmﬁﬂﬁﬂwamﬁm
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